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Abstract: Sustainable tourism evaluates those destinations that balance economic growth with social well-being and
environmental protection, rather than focusing solely on short-term economic gain. As a result, the management of natural
resources and the preservation of social cohesion are becoming increasingly important in destination development. This study,
using a combination of exploratory factor analysis (EFA) and hybrid multi-criteria decision-making methods, aims to identify
and assess the factors influencing foreign tourists' selection of Albania as a tourist destination. Two hundred and seventy
foreign tourists were surveyed to assess thirteen items that influence decision-making. EFA identified four main factors:
destination sustainability practices, cultural attractions and facilities, perceived cost and value, and destination safety. Twelve
tourism experts pair-wise compared criteria and sub-criteria obtained from the EFA on a scale of 1 to 9. The relative
importance of the criteria and sub-criteria was determined using the Best—-Worst Method (BWM). The Technique for Order
Preference by Similarity to Ideal Solution (TOPSIS) method was used to rank the four destination alternatives considered
based on these weights. The results showed that ‘cultural attractions and facilities’ was the most influential criterion, followed
by criteria related to cost and safety considerations, while sustainable practices had the lowest relative importance. The
TOPSIS ranking showed that the Heritage and Culture Destination is the most preferred, as a result of its high performance in
tourism services and cultural values, despite its moderate results in sustainability. The Riviera and Coastal Destination ranked
second most preferred, reinforcing Albania's dual attractiveness as both a cultural and a coastal destination. The findings
provide important insights for managing and prioritizing tourism development in a rapidly growing and highly competitive
market, while protecting long-term sustainability and natural resources.
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* * * * * *

INTRODUCTION

Tourism continues to play a significant role in supporting economic expansion, job creation, and regional development.
The recovery of this sector after the COVID-19 pandemic showed how important tourism is for the economy and society in
the long term. The growth of tourism affects business development and community development and is closely linked to
cultural interaction between destinations (Qi & You, 2024). International tourism reached approximately 88% of pre-
pandemic levels by 2023, highlighting the sustainability and long-term importance of the sector (UN Tourism, 2024). At
the same time, increasing global competition between destinations has increased the need for strategic approaches that
enhance destination attractiveness, service quality and overall competitiveness. Choosing a tourist destination is a complex
decision-making process influenced by a number of factors that determine the attractiveness of a place. Tourists evaluate
potential destinations based on their cultural and natural attractions, infrastructure quality, support service performance, and
perceived cost and value for money (Kasapi & Nurja, 2019; Lamce & Braimllari, 2025a). Perceived political stability and
visitor safety are important factors that positively shape tourists’ destination choices (Ding & Wu, 2022).

Technological development and digitalisation increasingly affect the competitiveness between destinations. The
development of e-marketing strategies is a key determinant of competitiveness for tourism enterprises, especially in
developing destinations such as Albania (Ramaj-Desku & Ukaj, 2021). Information and communication technology has
changed the way tourism businesses communicate with markets, promote their services, and deliver offers, directly
influencing service quality and tourists’ perceptions (Gjika & Pano, 2020; Noti & Hasrama, 2025).

Understanding why tourists choose certain destinations is essential for tourism planners and destination managers, as
it enables strategic improvements to match visitor preferences and improve competitiveness (Garcia et al., 2026).
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Destinations that leverage their strengths by offering attractions, high-quality service, safe and sustainable
experiences, and good value are in a better position to attract and satisfy visitors in a highly competitive market, driving
sustainable growth and long-term success (Cimbaljevi¢ et al., 2025). From a broader perspective, destination
competitiveness is closely linked to sustainable tourism development and entrepreneurial dynamics in the local economy
(Garcia et al., 2026). As an emerging Mediterranean destination, Albania provides a suitable empirical context for
examining these dynamics. It shares borders with Montenegro, Kosovo, North Macedonia, and Greece, while its western
edge opens to the Adriatic Sea and its southern coast to the lonian Sea. In recent years, the number of international
tourists has increased significantly, as has the country’s visibility as a tourist destination in global tourism markets.

In addition, Albania is increasingly perceived by international visitors as an affordable Mediterranean destination,
where relatively low travel and accommodation costs represent an important element of its growing attractiveness. National
statistics show that the number of foreign citizens entering Albania reached approximately 11.7 million in 2024 (INSTAT,
2024), highlighting the growing importance of tourism for economic growth and employment (Merko et al., 2025).
Enriquez et al. (2025) assess Albania as a developing 'Sun, Sea and Sand' destination. According to them, the destination is
characterised by coastal tourism, rich cultural heritage and increasing development pressures, and these characteristics
make it suitable for investigating how tourists value experience, cost, safety and sustainability when selecting it as a
destination. To operationalise destination competitiveness in a structured manner, this study conceptualises Albania’s
tourism offer through four broad destination typologies that serve as analytical alternatives in the decision-making model.
These typologies reflect dominant patterns of tourism development and visitor experience rather than individual locations.

e Tirana (Urban) Destination: The capital of Albania, famous for its nightlife, cultural events, and long history.

e Heritage and Culture Destination: Berat, Gjirokastra and Butrint, three UNESCO destinations, as well as Kruja with
the Skanderbeg Castle, represent cultural and historical heritage as well as traditional identity.

¢ Riviera and Coastal Destination: This category includes major coastal destinations, such as Vlora, Himara, Dhermi
and Durres.

e Mountain and Lake Destination: This group comprises natural mountain locations, national parks, lakes, winter
sports, adventure, as well as rural tourism and local customs.

These alternatives enable a comparative assessment of how attractions, infrastructure, cost, safety and sustainability
affect tourists’ preferences in different destination profiles. Against this background, the purpose of this study is to identify
the key factors influencing foreign tourists’ decisions to choose Albania as a destination by integrating exploratory factor
analysis (EFA) with the hybrid Best-Worst Method (BWM) and TOPSIS approach.

The objectives of this study are:

o Identification of the main factors that influence this decision-making through EFA.

o Evaluation of the weights of criteria and sub-criteria through the BWM method.

e Ranking of the alternatives included in the study through the TOPSIS method.

The study seeks to help the tourist structures in the country to be as competitive as possible in the inter national
market. By combining tourists’ perceptual evaluations with expert-based prioritisation within a single analytical
framework, this study contributes methodologically to destination competitiveness research and offers a robust decision -
support tool for emerging tourism destinations. This study provides both practical and academic value to stakeholders in
tourist development. The results show destination managers and policymakers the most important factors to make a
destination more competitive and to use resources better.

From an academic standpoint, the study enhances the field by combining tourists' impressions and expert
evaluations into a unified analytical framework applicable to analogous tourism settings.

The article continues with a literature review on hybrid methods used for destination competitiveness assessment, the
methodology with a clear overview of the methods used, the results, discussions and conclusions of this study.

LITERATURE REVIEW

Studies in recent years have focused on analysing the factors influencing tourist destination choice using statistical and
multi-criteria decision-making (MCDM) methods (Boonmee & Arimura, 2026; Lamce & Braimllari, 2025a; Sostar et al.,
2026). These studies consistently show that destination choice is a multidimensional process influenced by both individual
tourist motivations and destination attributes, such as historical and cultural attractions, infrastructure, service quality,
service costs, destination safety, and sustainability considerations (Cuong et al., 2026; Dahiya & Batra, 2016). In addition,
perceived safety has increasingly been recognised as an important dimension of tourist experience, since tourists’
perceptions of security and urban environment can shape their evaluation of destinations (Ilies et al., 2025).

Some studies have used factor analysis to identify the latent factors underlying the basic dimensions of destination
attractiveness. Alam et al. (2015) combined confirmatory factor analysis and structural equation modelling to identify
economic, environmental, cultural, and community-related factors as significant determinants of tourists’ decisions to visit
Melaka, Malaysia. Using exploratory factor analysis, Seyidov & Adomaitiené (2016) showed that destination amenities,
tourism infrastructure, natural environment, human resources, and price levels were the main factors influencing domestic
tourists' decisions to visit Azerbaijan. These results highlight the importance of factors related to cost, accessibility, local
hospitality, and destination attractions across different tourism contexts. Similar conclusions have been reported in more
recent studies. For instance, Chae (2026) showed that the perceived quality of tourism services and the overall visitor
experience significantly influence tourists’ behavioural intentions and the attractiveness of cultural destinations.
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In addition to factor analysis, many studies have applied MCDM methods to identify the importance of destination
attributes or rank tourism alternatives (Goksu & Kaya, 2014; Ramos et al., 2024; Lamce & Braimllari, 2025b; Sanjaya et
al., 2026). The Analytical Hierarchy Process (AHP) is one of the most widely used methods for evaluating criteria that
influence destination choice in tourism (Ramos et al., 2024; Lamge & Braimllari, 2025b). For example, Blesi¢ et al. (2021)
showed that coastal quality, safety, and service-related factors were more influential than traditional infrastructure in the
choice of Croatian coastal destinations by Serbian tourists. Their findings show that, environmental and experiential factors
can have a greater impact on a destination's attractiveness than its physical infrastructure alone.

In the last decade, new multi-criteria decision-making methods have been widely used in studies focusing on tourism
development, especially the Best-Worst Method (BWM) introduced by Rezaei (2015). This method is distinguished by its
reduced number of pairwise comparisons and improved robustness, making it the preferred method for determining
criterion weights among researchers. Nejat & Lajimi (2022) used the BWM method to assess the importance of factors
influencing the return of foreign tourists to Iran. Their study showed that social environment and perceived value were
more influential than factors related to infrastructure or marketing. It was observed that criteria related to sustainability and
innovation had lower weights, suggesting a gap between conceptual awareness and decision-making.

Hybrid MCDM methods have also been widely used in this context. In their study, Mohamad & Jamil (2012)
combined factor analysis with the hybrid AHP—fuzzy TOPSIS method and found that destination safety and cultural
attractions had the greatest impact on tourists’ destination choice. Lopes & Rodriguez-Lépez (2022) combined the
PROMETHEE Il visual analysis with GAIA to rank wellness tourism destinations in Portugal. The authors showed that
the most important factors were tourist attractiveness, cultural heritage, and service costs. Yang et al. (2022) applied a
Bayesian BWM model combined with a PROMETHEE-based grey model to evaluate medical tourism operators.
According to them, service quality, digital readiness and communication skills were the main determinants of
performance evaluation. These studies illustrate the increasing methodological sophistication in tourism research and the
suitability of hybrid MCDM models for evaluating complex destination systems. In his study, Cigekdagi (2022) used the
BWM-TOPSIS methods to evaluate the geo-tourism potential in Turkey. The author showed that natural attractiveness
dominated other criteria such as adventure or socio-cultural features. Lamge (2024) applied the hybrid AHP-TOPSIS-2N
method to examine decision-making by domestic tourists when choosing a weekend destination. The author showed that
factors such as tourist attractions and infrastructure had a greater influence on decision-making, whereas sustainability
criteria had a lower impact. These results are also reported in other studies, suggesting that sustainability is often not
given priority in short-term travel decisions (Nejat & Lajimi, 2022; Cicekdagi, 2022). Similar observations have been
reported in studies analysing tourists’ perceptions of sustainable destinations. For example, Suhud et al. (2025) found
that although sustainability initiatives can positively influence tourists’ attitudes toward destinations, they do not always
represent the primary determinant of visit intention.

In recent years, other hybrid multi-criteria decision-making methods have been applied to evaluate tourism
destinations and support strategic planning. For instance, Sostar et al. (2026) combined Principal Component Analysis
with the AHP method to analyse how promotional channels influence destination choice in Croatia, highlighting the
increasing use of statistical and decision-making methods in tourism research. Similarly, Boonmee & Arimura (2026)
proposed a hybrid evaluation framework combining AHP-weighted multi-criteria decision-making methods with data-
driven techniques to assess the performance of cultural tourism destinations in Northern Thailand, highlighting the
importance of structured evaluation models for improving destination competitiveness and sustainability.

In addition, Aria et al. (2025) used a stochastic multi-criteria acceptability analysis to evaluate tourism sustainability
across lItalian regions, showing that advanced multi-criteria models can support stronger, more policy-relevant tourism
planning. These recent contributions confirm the increasing importance of integrating statistical techniques with MCDM
methods for analysing complex tourism decision-making problems.

Overall, the literature shows strong agreement on the main factors influencing destination choice, especially cultural
and natural attractions, service quality, safety, and value for money. Recent studies also indicate that tourist preferences
are increasingly influenced by sustainability awareness, particularly among younger travellers. Senkova et al. (2026)
found that generations Y and Z are more interested in sustainable tourism products and services. However, sustainability
often has a smaller influence on real tourist decisions, especially in developing or emerging destinations. Although
hybrid multi-criteria decision-making methods are widely used, relatively few studies combine empirically derived
tourism factors with expert-based weighting and ranking within a single hybrid framework, particularly in the context of
developing tourism destinations such as Albania. Recent studies focusing on the Albanian tourism sector also emphasise
the importance of understanding destination performance and seasonality dynamics from a stakeholder perspective
(Dhimitri et al., 2025). Therefore, this study employs an integrated EFA-BWM-TOPSIS framework to analyse factors
influencing destination selection and evaluate tourism destination competitiveness.

RESEARCH METHODOLOGY

To conduct this study, initially based on the literature (Alam et al., 2015; Seyidov & Adomaitiené, 2016; Blesic et al.,
2021), and in consultation with a tourism expert, thirteen items were selected that could influence foreign tourists’
decisions to select Albania as a tourist destination. Three hundred questionnaires constructed in English, based on a five-
point Likert scale ranging from 1 (not important) to 5 (very important), were distributed to foreign tourists
accommodated in hotels in three main coastal destinations in Albania: Saranda, Durres and Vlora, in the summer of
2024, using a non-probability convenience sampling approach. After eliminating incomplete questionnaires and those
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with contradictory answers, 270 valid questionnaires were retained for further analysis. According to the
recommendation of Hair et al. (2009), a minimum sample size of at least five observations per variable is sufficient for
factor analysis, the final sample size ensured an appropriate level of reliability and statistical robustness. An exploratory
factor analysis was conducted on this data, the results of which served in the second phase of the study, where the
BWM-TOPSIS method was used based on the judgments of 12 Albanian tourism experts to evaluate the criteria and
sub-criteria that most influence the choice of a tourist destination, as well as to rank the alternatives. The criteria and
sub-criteria used in the BWM analysis were taken directly from the factors and items identified through exploratory
factor analysis, ensuring consistency between tourists’ perceptions and the expert-based weighting process.

Exploratory Factor Analysis

EFA was performed on the data of 270 surveys included in this study. First, the suitability of the data for this
analysis was assessed through the Kaiser-Meyer-Olkin (KMO) and Bartlett's test of sphericity. In the following, EFA
enabled the discovery of factors that tourists consider when choosing a destination, among a set of thirteen observed
items by grouping those that are highly correlated (Howard & Henderson, 2023). As an extraction method, principal axis
factorisation was used, since the goal was to discover hidden factors rather than reduce the number of items considered.
Oblique rotation Promax was employed, as the factors influencing the selection of a tourist location may exhibit
correlations (Hair et al., 2009; Howard & Henderson, 2023). The quantity of factors was ascertained based on
eigenvalues above 1. No items were excluded, as all had factor loadings above 0.50 and no significant cross-loadings
greater than 0.30. The internal consistency of each factor was assessed using Cronbach's alpha values. Thus, the
exploratory analysis identified the main criteria that influence tourists' destination choices in the Albanian context.

BWM for Criteria Weighting

After identifying the main decision-making factors, the study assessed their relative importance and incorporated
them into a decision-making model. To determine the weight of each criterion and sub-criterion, the BWM was used, a
relatively new multi-criteria decision-making technique proposed by Rezaei (2015), which has found widespread use in
contemporary literature (Deng et al., 2020; Varchandi et al., 2024). One of the main advantages of this method is the
reduced number of pairwise comparisons, only 2n — 3 comparisons per n criteria, which makes BWM more efficient,
less tedious for decision-makers, and contributes to improving the robustness of the results (Rezaei, 2015; Rezaei et al.,
2016). A new questionnaire with 28 pairwise comparisons was distributed to 12 tourism experts with more than 8 years
of professional or academic experience, including university professors, hotel managers and travel agency executives.
Based on the factor structure identified through factor analysis, the questionnaire included 5 pairwise comparisons for
the criteria and 23 for the sub-criteria. This sample size is considered appropriate for BWM applications in tourism
research, as previous studies indicate that a panel of 10-15 experienced experts is sufficient for reliable BWM and
MCDM analyses (Rezaei, 2015; Mardani et al., 2016). The individual judgments from the experts were aggregated using
the geometric mean to obtain a single group-comparison matrix for the BWM analysis, a common approach in group
decision-making applications. The implementation of BWM includes the following steps (Rezaei, 2015):

e The set of criteria that serves for decision-making is identified.

e Experts select the best criterion and the worst criterion.

e The preference of the best criterion over the other criteria is determined, and the preference of each criterion over
the worst criterion is also determined, based on a 9-point scale from 1 (equally important) to 9 (extremely important).

e The calculation and normalisation of optimal weights are performed by solving a linear optimisation model that
minimises the maximum absolute differences between the extracted weight ratios and the pairwise judgments of the experts.

e The consistency ratio (CR) was subsequently calculated, and values below the recommended threshold of 0.1
indicate acceptable consistency of the experts’ judgments.

The resulting linear programming model was performed in RStudio, using the ‘IpSolve’ package.

TOPSIS for Ranking Alternatives

The TOPSIS method was used to rank the four alternatives in this study, based on the identified sub-criteria and their
weights. This method is well-suited to such problems because it evaluates each alternative against an ideal reference point.
In TOPSIS, the best alternative is the one with the shortest distance from the hypothetical ideal solution and the greatest
distance from the negative-ideal solution (Hwang & Yoon, 1981). The performance of the tourist destinations with respect
to each criterion was evaluated by the same panel of tourism experts involved in the BWM analysis. All criteria were
treated as benefit-type and assessed using a nine-point Likert scale. When multiple expert evaluations were available, the
geometric mean was used to aggregate individual scores for each alternative and criterion.

The implementation of TOPSIS includes the following steps (Hwang & Yoon, 1981):

e For our analysis, a decision matrix of four alternatives was initially constructed with respect to the 13 sub-criteria
included in the analysis.

¢ A normalised matrix of the initial decision matrix was constructed.

e By multiplying the normalised weights of each sub-criterion, calculated with the BWM method, by the values of the
corresponding column of the normalised matrix, the normalised weighted decision matrix was constructed.

e According to the TOPSIS procedure, the ideal solution (highest score for each factor) and the negative-ideal solution
(lowest score) were identified, and the Euclidean distance of each alternative from these values was calculated.
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e The relative closeness to the ideal solution was calculated for each alternative, and the highest value indicated the
most preferred alternative, allowing for a ranking from best to worst.
The analysis was run in RStudio using the ‘topsis' package. The study framework is presented in Figure 1.

Exploratory Factor Analysis
(EFA)
* Survey data from 270 tourists
* 13 items evaluation
(Likert scale)
* KMO and Bartlett tests
* |dentification of 4 factors

Criteria and sub-criteria
weighting (BWM)
Tourism expert panel
Best criterion selection
Worst criterion selection
Pairwise comparison
Criteria weight calculation
Repeated for each sub-criteria group

> decision matrix

Alternative Evaluation
(TOPSIS)
« Decision matrix
* Normalization of the

* Ideal and negative ideal solution
* Distance calculation
» Ranking of destinations

Figure 1. Research framework methodology (Source: Authors’ elaboration)

By integrating BWM weighting and TOPSIS steps, we implemented a hybrid decision-making model: BWM provided
the weights of the criteria, and TOPSIS provided the ranking of destinations using those weights. This hybrid EFA and
BWM-TOPSIS approach represents an integrated decision-making framework applied in the context of tourism research in
Albania. It enabled us not only to identify the main factors influencing destination choice but also to quantitatively
prioritise decision-making alternatives (such as destinations to be developed or promoted) based on these factors. The
combination of methods ensures that the conclusions are data-based and robust: the factor analysis phase bases the study on
the empirical perceptions of tourists, while the multi-criteria decision-making analysis phase provides a rational tool for
decision-makers to evaluate options in light of those empirically derived priorities.

RESULTS

Descriptive analysis of tourist profiles and item evaluations

The analysis of this study's results reveals the preferences and perceptions of foreign tourists who visited Albania over
the last two years. In terms of their age, 27.75% were between 18 and 30 years old, 38.89% were between 31 and 50 years
old, and 33.33% were over 50 years old. In terms of gender, males accounted for the largest share of the survey, about 53%.
EU countries contributed 70.38% of all tourists, mainly from Italy and Germany. Among non-EU countries tourists, most
came from Kosovo and Ukraine. Figure 2 shows the percentages by country of origin.
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Figure 2. Distribution of tourists by country of origin (Source: Authors’ elaboration based on survey data from 270 respondents)
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Figure 3. Destinations visited by tourists (Source: Authors’ elaboration based on survey data from 270 respondents)
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Albania, as a tourist destination, was visited by 43.7% of respondents through promotions by tourist agencies, 29.63%
through acquaintances' recommendations, and 26.67% through social networks. Only 49.63% stated that it was their first
time visiting Albania. The question of which of the listed destinations they had visited was answered as in Figure 3.

Tirana is the most visited destination (77.78%), reflecting its role as the capital and the location of Albania’s primary
international airport. The analysis shows that only 11.1% of tourists have visited exactly two destinations, while 41.9%
and 46.3% have visited three and four destinations, under study respectively.

These results demonstrate that the tourism experience in Albania is largely multi-dimensional, thereby justifying the
selection of four destination types as an analytical alternative. A 5-point Likert scale was used in the survey to rate 13
items that influence tourists' destination choices. The results of the descriptive analysis presented in Table 1 showed
that, based on the mean values, the most highly rated items were ‘Food and gastronomy experience’, ‘Quality of tourism
services’, and ‘Road infrastructure quality’. The Cronbach's alpha reliability coefficient for each item ranged from 0.871
to 0.890. This coefficient for the total data was 0.885, suggesting a high internal consistency.

Table 1. Descriptive statistics for items in selecting a tourist destination (Source: Authors’ calculations based on survey data from 270 respondents)

Items Mean St. Dev Cronbach’s Alpha
Accommodation price accessibility 3.93 1.05 0.872
Travel-related costs 3.62 1.17 0.871
Expenses for tourist activities 3.79 1.09 0.877
Perceived crime risk 3.55 1.15 0.881
Auvailability of emergency services 3.95 1.07 0.877
Sustainable accommodation practices 3.60 0.96 0.871
Environmental resource protection 3.57 1.09 0.875
Cultural heritage preservation 3.73 1.25 0.872
Tourism intensity and crowding 3.32 1.13 0.877
Food and gastronomy experience 4.33 0.84 0.879
Historical importance 3.82 1.02 0.890
Road infrastructure quality 4.14 0.98 0.874
Quality of tourism services 4.15 1.03 0.879

EFA results and factor structure

Exploratory Factor Analysis was used in the first part of the study to figure out how the hidden factors that affect the
choice of a destination are structured. Two standard tests were applied to assess whether the data for the 13 items included
in the survey were suitable for this analysis. The Kaiser—Meyer—Olkin measure of sampling adequacy was 0.81, which is
higher than the ideal value of 0.6, as suggested by Kaiser (1974). Bartlett's test of sphericity (¥(253) = 3858.37, p < .001)
confirmed that the correlation matrix is not an identity matrix (Bartlett, 1951). Table 2 shows the results of the factor
analysis, which found four factors accounting for 63.11% of the variance. The factor 'Destination sustainability practices'
has four items with factor loadings between 0.6 and 0.803, and accounts for 19.30% of the variance.

Table 2. The results of factor analysis (Source: Authors’ calculation based on survey data from 270 respondents)

Factors and Items Factor loading Eigenvalue Variance (%)
Destination sustainability practices 5.607 19.30
Sustainable accommodation practices 0.726

Environmental resource protection 0.803
Cultural heritage preservation 0.600
Tourism intensity and crowding 0.667
Cultural attractions and facilities 1.627 16.04
Food and gastronomy experience 0.738
Historical importance 0.608
Road infrastructure quality 0.594
Quality of tourism services 0.785
Cost and perceived value 1.202 15.22
Accommaodation price accessibility 0.878
Travel-related costs 0.598
Expenses for tourist activities 0.701
Destination safety 1.011 10.59
Perceived crime risk 0.760
Availability of emergency services 0.715

The factor 'Cultural attractions and facilities' has four items with factor loadings between 0.594 and 0.785. It accounts
for 16.04% of the variance. Three items with factor loadings between 0.595 and 0.878 define the factor 'Cost and perceived
value', which explains 15.22% of the variance. Two items define the factor 'Destination safety’, which explains 10.59% of
the variance. For each factor, the Cronbach's alpha reliability coefficient was higher than 0.79 (Shrestha, 2021).
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Weighting and ranking of criteria through the BWM-TOPSIS method

In the second phase of the study, a questionnaire was constructed with a structure of criteria and sub-criteria based on
the factors and items identified through the EFA analysis, making it suitable for the application of the BWM-TOPSIS
method. The assessments of the twelve tourism experts served as the basis for the analysis of the hybrid multi-criteria
decision-making method. The BWM method was used to calculate the weights of the four factors and the local and global
weights of their respective items, enabling their ranking. The calculated consistency ratio values at both the criteria and
sub-criteria levels were below the recommended threshold of 0.1. The mean consistency ratio was below 0.052, and the
maximum value did not exceed 0.073. The results are presented in Table 3.

Table 3. BWM weights and sub-criteria ranking (Source: Authors’ calculations based on survey data from 270 respondents)

_— Criteria - Sub-criteria Sub-criteria .
Criteria weight Sub-criteria local weight global weight Ranking
L 0.113 Sustainable accommodation practices 0.166 0.019 12
suDsetZtilr?:k;Ii?i?y Environmental resource protection 0.254 0.028 11
practices Cultural heritage preservation 0.441 0.049 8
Tourism intensity and crowding 0.139 0.016 13
0.468 Food and gastronomy experience 0.209 0.095 5
attr(a:(?t:i)ur:s?lan q Historical importance 0.126 0.058 7
facilities Road infrastructure quality 0.253 0.116 3
Quality of tourism services 0.412 0.188 1
0.222 Accommaodation price accessibility 0.706 0.177 2
C(.)St and Travel-related costs 0.174 0.044 9
perceived value - —
Expenses for tourist activities 0.120 0.030 10
Destination 0.196 Perceived crime risk 0.599 0.108 4
safety Auvailability of emergency services 0.401 0.072 6

‘Cultural attractions and facilities’ resulted the criterion with the highest weight (0.468), followed by ‘Cost and
perceived value’ (0.222). The least valued criterion was ‘Destination sustainability practices’ with a weight of 0.113. The
weights of the criteria and sub-criteria were used to calculate the global weights of the latter. According to the global sub-
criteria weights, ‘Quality of tourism services’, ‘Accommodation price accessibility’, ‘Road infrastructure quality’, and
‘Perceived crime risk” had the greatest influence on tourists' selection of Albania as a tourist destination.

The following sub-criteria, “Tourism intensity and crowding’ and ‘Sustainable accommodation practices’, had the
lowest influence on the decision-making process. The TOPSIS method was used to evaluate four alternative tourist
destinations in Albania: Tirana (urban) destination, Heritage and Culture destination, Riviera and Coastal destination, and
Mountains and Lakes destination. The evaluation was based on the weighted criteria obtained from the BWM analysis and
expert assessments of destination performance. These results are shown in Table 4 and are based on the distances to the
positive ideal solution (D*) and the negative ideal solution (D7), as well as the closeness coefficient (C;).

The Heritage and Culture Destination has the highest C; value and is therefore ranked as the most preferred option.

Table 4. The results of the TOPSIS method (Source: Authors’ calculations based on survey data from 270 respondents)

Alternatives D* D~ C; Ranking
Tirana (Urban) Destination 0.036 0.026 0.415 3
Heritage and Culture Destination 0.012 0.042 0.776 1
Riviera and Coastal Destination 0.030 0.026 0.462 2
Mountains and Lakes Destination 0.040 0.016 0.294 4

The ranking obtained using the TOPSIS method confirms the multidimensional nature of the destination's
attractiveness. Destinations representing ‘Heritage and Culture’, such as Berat, Gjirokastra, and Butrint, are the most
preferred as a result of their high performance in tourism services and cultural values, despite moderate results in
sustainability. The Riviera and Coast areas were ranked as the second most preferred destination, reinforcing the dual
attractiveness of Albania as a cultural and coastal destination.

DISCUSSION

To present a comprehensive picture of destination choice in the context of a developing destination like Albania, this
study presents the advantages based on expert judgments through the BWM-TOPSIS method and tourists’ ratings
derived from exploratory factor analysis. The analysis through factor analysis in collaboration with hybrid multi -criteria
decision-making methods is in line with current studies in the field of tourism (Khan et al., 2023). The dominance of
cultural attractions and service-related attributes is consistent with previous findings that highlight social interaction,
cultural experiences, and service quality as key drivers of tourism behaviour (Nejat & Lajimi, 2022).

Similar to the results reported by Cigekdagi (2022), tourists in Albania showed a stronger preference for experience -
related attributes than for sustainability-oriented concerns, such as eco-friendly accommodation or overtourism.
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These findings are further supported by Blesi¢ et al. (2021), who identified gastronomy, infrastructure, and
destination image as essential elements of destination attractiveness. In the Albanian context, these results are consistent
with studies that highlight destination infrastructure and image as important determinants of tourism preference (Godolja
& Spaho, 2014; Braimllari, 2017; Kasapi & Nurja, 2019).

The high ranking of food and gastronomy experience further confirms that local cuisine plays an increasingly important
role in destination competitiveness (Dulja et al., 2025; Phrammanachot et al., 2026). In tourists’ ratings, items related to
sustainability accounted for the largest share of the variance, whereas expert ratings ranked destination sustainability
practices as the least influential criteria in destination choice. This result indicates a gap between sustainability awareness
and decision-making behaviour, consistent with previous studies suggesting that sustainability is conceptually recognised
but not prioritised in short-term travel decisions, especially in developing destinations (Dwyer, 2024; Guga & Qiqi, 2025;
Suhud et al., 2025). Cost and perceived value, and destination safety were the other two factors identified by factor
analysis, reinforcing previous findings that highlight price sensitivity, perceived value for money, and safety as
fundamental criteria for international tourism demand (Mohamad & Jamil, 2012; Alam et al., 2015; D¢bski & Nasierowski,
2017; Son et al., 2023; llies et al., 2025). This result also reflects Albania’s emerging reputation as a low-cost destination in
the Mediterranean region, where affordability and value for money play a significant role in tourists’ destination choices.

Overall, tourist and expert assessments indicated that cultural attractions and facilities represent key competitive
advantages for Albania. The quality of tourism services proved to be the most influential item, indirectly reflecting the
growing role of organisational efficiency and digital readiness in enhancing tourist satisfaction and destination
competitiveness (Gjika & Pano, 2020; Noti & Hasrama, 2025; Chae, 2026).

Furthermore, this study contributes to the literature by empirically confirming the divergence between sustainability
awareness and actual decision-making, while assessing the applicability of the integrated EFA-BWM-TOPSIS framework
for assessing destination competitiveness in new tourism contexts.

CONCLUSION

From a methodological perspective, this study contributes to the tourism literature by demonstrating the
effectiveness of integrating EFA with the hybrid BWM-TOPSIS model to capture, within a single decision-making
framework, the perceptions of 270 foreign tourists who visited Albania and the preferences of 12 Albanian tourism
experts. In this way, the results provide a multidimensional understanding of the factors influencing the selection of
Albania as a tourist destination and allow comparisons between tourists’ perceptions and experts’ preferences.
Destination sustainability practices, cultural attractions and facilities, cost and perceived value, and destination safety
were the four factors identified by the EFA analysis. Although ‘cultural attractions and facilities’ was not the dominant
factor in terms of explained variance, it emerged as the most influential criterion in the experts’ assessments and was
reflected in the TOPSIS ranking, where heritage and cultural destinations were identified as the most preferred
alternatives. Perceived cost and value, along with safety-related considerations, emerged as the main determinants of
destination choice, indicating that affordability and perceived safety remain essential conditions for Albania’s
competitiveness as an international tourist destination.

The results of this study provide several suggestions for tourism policy in Albania. For example, cultural
infrastructure and tourism services should continue to improve, with investments in road conditions and heritage
preservation. Safety should remain an important element, particularly when promoting Albania to international tourists.
Although sustainability ranks lower in short-term decision-making, it should not be neglected. As tourist expectations
evolve, sustainability credentials may become more important, especially among young, environmentally conscious
travellers (Senkova et al.,, 2026). Culture, cost, and safety had the greatest impact on decision-making, while
sustainability, although conceptually assessed, remains a secondary driver in selecting a tourist destination. These
findings are in line with recent literature on tourism planners in Albania seeking to increase competitiveness while
maintaining authenticity and environmental responsibility. The proposed EFA-BWM-TOPSIS framework offers a
robust and transferable tool for evaluating destination competitiveness across different tourism contexts.

Study limitations: Regarding this study's limitations, we can mention the sample size, which limits the
generalizability of the findings, and the non-random but appropriate sample. The study focused only on Albania,
limiting comparisons with other countries in the region and beyond to identify similarities or characteristics among
similar destinations. Also, the survey data collection method did not avoid subjective responses influenced by tourists’
recent experiences. Directions for future research: For further studies, it is recommended to expand the study to the
Balkan region and to increase the number of respondents, tourists, and tourism experts. It is also of interest to apply
more multi-criteria decision-making methods in order to enable comparison of their results. To better understand tourist
preferences, the survey could be expanded to include new items.
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