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Abstract: Despite many studies exploring the factors that influence the use of technology in tourism, research focusing on the
moderating effect of age on the use of digital marketing tools and platforms for domestic leisure travel purposes remains
elusive. Using dimensions from the Technology Acceptance Model and motivation as an additional construct, this study
examined the moderating effects of age on digital marketing tools and platform adoption. A sample of 401 domestic tourists
and a self-administered questionnaire were used for data collection. Regression analysis was used to analyze the relationships
between the proposed variables and the moderating effect of age on these relationships. The findings revealed that perceived
usefulness and motivation significantly influenced the use of digital marketing tools and platforms, and the effect of
motivation was more significant. Tourists’ age played a notable role in contributing to the strength of the relationships.
Tourism marketers, managers, business owners, and web developers can use these results as tools to make more effective
marketing decisions to promote leisure travel.
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* * * * * *

INTRODUCTION

In recent years, tourism has made tremendous advancements in technology adoption for marketing. Digital technologies
have transformed the way people communicate and are kept informed. They have opened avenues for audiovisual media
and resulted in a shift in the way content is disseminated on digital platforms (websites, blogs, online sharing platforms and
social networking sites such as Twitter, Facebook, Instagram, and TikTok) (Zeng et al., 2023). People of all ages are
reaping the benefits of the technology boom (Buhalis and Karatay, 2022; Monaco, 2018; Zhang et al., 2023). This research
identifies tourists as individuals who utilise digital marketing tools and platforms for their benefit in their travel decisions.
Tourists are increasingly pressured to use digital marketing tools and platforms for fear of missing out (FOMO). At the
same time, destination marketers embrace digital technologies to avoid falling behind in the ongoing digital transformation.
Dinhopl and Gretzel (2016) posit that today’s travellers are hybrid tourists who use different technologies to obtain the
necessary information. This provides unprecedented opportunities for tourism marketing (Buhalis et al., 2023).

New technologies have caused users to change their travel behaviour and habits, with others investing more time
connected to the Internet (Yousaf and Xiucheng, 2018). Any business that wishes to succeed and survive must understand
the factors that influence customer behaviour (Etale and Uranta, 2022). Understanding factors influencing consumer travel
behaviour helps marketers understand customer preferences (Chamboko-Mpotaringa and Tichaawa, 2021). Times have
radically changed to the extent that within two decades, some media have become antiquated and obsolete because of
changes in consumer preferences. Upon entering the marketing field, digital technologies triggered unprecedented changes
in tourism marketing, shaping a highly dynamic environment that facilitates the networked connectivity of people,
processes, data, and things. As digital technologies proliferate, tourism marketers have become increasingly reliant on
digital marketing as consumers increasingly turn to digital platforms to research and make travel bookings online. Digital
marketing empowers destination branding, positioning, awareness, and marketing. In addition, digital marketing tools and
platforms provide opportunities to support tourists’ travel decisions in travel planning and booking, during a trip and after a
trip to gain maximum enjoyment from their travel experiences (Gajdosik, 2022), thereby effectively transforming consumer
behaviour (Rauschnabel et al., 2022). The efficacy of digital marketing strategies cannot be argued.

As a result of the advent of digital technologies, the tourism market has become much more competitive and
technology-based. Tourists no longer conform to the rules of tourism destinations. As expected, many tourism destinations
have had to transform their marketing and redesign the best marketing and operational practices available to benefit from
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the technological paradigm shifts experienced (Buhalis, 2020). A digital presence neither brings nor guarantees visibility
and accessibility to tourism destinations. Tourism marketers can fulfil tourists’ preferences and meet expectations by
adopting a well-articulated and systematic approach to using technology and providing personalised services to tourists.
Practitioners often encounter challenges when launching marketing campaigns using digital channels to maximise
effectiveness. Therefore, it is essential for tourism marketers to comprehend the influential factors and effects of age when
utilising digital marketing tools and platforms to achieve success in tourism marketing (Balouchi et al., 2017).

The potential benefits of using digital technologies have engendered significant debates within the tourism marketing-
focused discourse. Most research consisted of fervent discussions concerning how stakeholders can use digital platforms to
market tourism destinations (Dwivedi et al., 2022; Lamberton and Stephen, 2016; Talwar et al., 2022; Tsourgiannis and
Valsamidis, 2019). Furthermore, some research has concluded that as much as tourists utilise digital platforms, tourists are
different (Gonzalez-Reverté and Liviano-Solis, 2020). To highlight this phenomenon, some studies focused on the younger
generation (Acheampong and Siiba, 2020; Matikiti-Manyevere and Hattingh, 2020) while others concentrated on the older
generation (Zhang et al., 2023; Zhou et al., 2014). Previous studies have not paid attention to the moderating effect of age
on factors that influence the use of tourism digital marketing tools and platforms. The factors that enable the actual use of
digital platforms need to be explored, amplified, and tackled to maximise adoption (Mametja et al., 2023). Thus, the need
for empirical research on the factors that influence the use of digital marketing tools and platforms should not be
overlooked. Furthermore, with technology accessible and used by different ages, it is crucial to understand the moderating
effect of age in digital marketing tools and platforms. As such, the study proposes the following research question: What is
the moderating effect of age on the relationship between perceived usefulness (PU), perceived ease of use (PEOU),
motivation (M), and tourists’ actual use of digital marketing tools and platforms for tourism?

LITERATURE REVIEW

Theoretical background

Several information systems (I1S) models related to the adoption of new technology have been put forward by different
scholars (Davis, 1989; DelLone and McLean, 2003; Mason, 1978; Taylor and Todd, 1995; Venkatesh et al., 2003, 2012;
Wixom and Todd, 2005). However, several studies on technology adoption have focused on understanding the variables
affecting technology acceptability (Isaac et al., 2019). One widely accepted and used model which has gained popularity
because of its simplicity and adaptability is the Technology Acceptance Model (TAM) (Al-Qaysi et al., 2020), which Davis
(1989) developed. TAM allows easy transfer and application to different contexts (Chocarro et al., 2023). The TAM has
gained popularity as a grounding theory since one can explain and predict the acceptance of technology among potential
users based on causal relationships (Chocarro et al., 2023). The TAM uses a user-centric approach as it emphasises the
perception of users. The TAM reflects that the actual use of new technology is determined by a user’s perceived benefits
obtained from using the new technology, as well as its perceived ease of use (Chamboko-Mpotaringa and Tichaawa, 2023).

Various scholars have successfully adopted the TAM to study technology acceptance and usage in different contexts, such
as in education (Chocarro et al., 2023), banking (Purohit and Arora, 2023), metaverse (Almarzouqi et al., 2022) and tourism
(Alma Calli et al., 2023; Liu and Zheng, 2023). However, the model faced criticism because of its limitations, such as the
factors in TAM alone being insufficient to predict user acceptance (Wong et al., 2022). The factors in the TAM do not
characterise much detail about technology use and acceptance (Lin and Yu, 2023). Since the TAM accounts for slightly more
than 40% of the variance, the contribution of other variables requires examination (Legris et al., 2003). To overcome that,
additional variables such as perceived enjoyment, perceived risk, and perceived social capital (Singh and Srivastava, 2019),
trust (Liu and Zheng, 2023), experience (Huang et al., 2019), engagement, immersion, and perceived utility (Sepasgozar,
2022) have been added in extant studies. This study proposes adding M to the TAM constructs as an important variable in the
adoption of digital marketing for tourism use. Motives are general tendencies that affect people’s behaviours taken to satisfy a
need or desire (Miranda et al., 2023). Motivations for using digital marketing tools and platforms for travel purposes are varied
and can include a source of information, social interaction, convenience, feedback, and ease to use (Dyk et al., 2020; Lou and
Xie, 2021). The comprehension of tourists’ intentions and expectations concerning system utilisation is paramount, and
motivation plays a crucial role for marketers in acquiring this comprehension (Hew et al., 2023; Lowry et al., 2015).

Hypothesis and research model

In this study, tourists are considered as users of digital marketing tools and platforms in their travel decisions. When
tourists are exposed to new technology, many factors influence their acceptance decision (Chamboko-Mpotaringa and
Tichaawa, 2023). This paper adopts the TAM to measure tourists’ use of digital marketing tools and platforms in travel
decisions. The TAM rests on the notion that tourists’ behavioural intention to use digital marketing tools and platforms is
determined by two central beliefs: PU and PEOU. PU refers to the degree to which a person believes using a particular
technology would enhance performance. PEOU refers to the degree to which a person believes using a particular system
would be free from effort (Davis, 1989). In the case of digital marketing tools and platforms, PU entails the benefits
derived from using digital marketing tools and platforms, and PEOU refers to the ease with which tourists can use digital
marketing tools and platforms. Marketers can promote digital marketing tools and platforms if the tourists believe they can
benefit from using the digital platforms and they are easy to use. Two hypotheses would be tested based on the traditional
TAM constructs: PU and PEOU according to similar research (Singh and Srivastava, 2019) using TAM constructs in the
context of tourism. Many previous studies have identified a positive relationship between PU, PEOU, and actual use of
technology (Renny et al., 2013; Tavitiyaman et al., 2022). However, a considerable body of research found contradicting
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results regarding the predictive role of PU and PEOU. For example, Deng and Yu (2023) could not confirm the influence of
PU. Similarly, Musina and Gao (2016) could not establish a relationship between ease of use and the use of new
technology. Confronted with such inconsistencies in the existing literature, the study tests the following hypotheses:

H1: PU positively influences the use of digital marketing tools and platforms for tourism.

H2: PEOU positively influences the actual use of digital marketing tools and platforms.

Motivations for using digital marketing tools and platforms for travel purposes are varied and can include a source of
information, social interaction, convenience, feedback, and ease to use (Dyk et al., 2020; Lou and Xie, 2021). Several
authors have reported a positive relationship between motivation and user intention (Ali et al., 2022; Hew et al., 2023).
Venkatesh et al. (2012) maintain that motivation is a powerful predictor of technology adoption and usage behaviour.
However, literature is scant in tourism studies that exclusively examined the influence of motivation in assessing the actual
usage behaviour of technology in digital marketing tools and platforms, which led to testing the following hypothesis:

H3: M positively influences the use of digital marketing tools and platforms for tourism.

The moderating effect of age

Age is a crucial marketing phenomenon in tourism as it affects tourists’ consumption patterns of tourism products
(Wong et al., 2022). In marketing, it is common practice to categorise target markets into consumer segments. This is often
done using the term “generation,” which refers to age, birth year, location, or significant life events (Dida et al., 2021;
Jonck et al., 2017). People born in the same generation often exhibit similar behavioral patterns due to shared experiences
that shape their childhood. Their preferences change as they progress through different life stages, such as childhood,
adolescence, or becoming senior citizens (George, 2019). The use of new technology differs from one age group to another
(Zhuang et al., 2021). People’s technological preferences in their teens may differ from those in their seventies (Zhang et
al., 2023). Therefore, marketers often use age as a means of segmenting markets (Funk, 2008).

In technology adoption and acceptance age is an important demographic variable that has moderating and direct
effects on technology adoption and acceptance (Anwar et al., 2021; Hua et al., 2021). Earlier studies have been
undertaken to understand the impact of age on technology use in tourism (Chen et al., 2023; Hua et al., 2021; Setiawan
et al., 2018). The studies show an age gap between young people, who embrace existing mobile applications, and those
who follow new mobile phone features. Chen et al. (2023) found significant effects of age on Chinese handwriting
performance on touch screens through fingers and stylus. Older adults use limited phone functions, with the camera
being popular for viewing photos. According to Setiawan et al. (2018), millennials value family and leisure and use
smartphones for communication and problem-solving. They spend their free time on social media and are interested in
its audio and visual aspects. Thus, the current study attempts to understand the moderating effect of age on the study’s
variables, and the following hypothesis were developed:

H4a: Age moderates the relationship between PU and tourists’ use of digital marketing tools and platforms.

H4b: Age moderates the relationship between PEOU and tourists’ use of digital marketing tools and platforms.

H4c: Age moderates the relationship between M and tourists’ use of digital marketing tools and platforms.

Based on the literature, the authors propose a model (Figure 1) which shows the relationship between the constructs, the
type of relationships, and the moderating effect of age.

Perceived
usefulness (PU) —~— Hi(+)
. , Haa

Perceived case of Ha(+) Actual use of digital
use (PEOU) [ "__i_—“——-; marketing tools and

P plattorms (Use)

H H Hab (+)

Hs (+) | -
Motivation : ) T : :
— P tHac (+)
Age
Figure 1. Proposed model
METHODOLOGY

In the positivist paradigm, this study examines the antecedents of digital marketing tools and platforms’ actual usage
for tourism purposes through quantitative research design. The sample population for the study was domestic tourists
travelling to the Free State province in South Africa, either as day visitors or overnight visitors. The selection criteria to
be included in the study is that tourists must be familiar with and should have used digital marketing tools and platforms
in their travel decisions. Non-probability, convenience sampling techniques were used to select the sample from the
sampling frame. The respondents were approached face-to-face and asked to complete a self-administered questionnaire
survey focused on digital marketing tools and platforms. The survey consisted of 24 items and was divided into four
themes: digital marketing tools and platforms usage, M, PU and PEOU.

The questionnaire was based on previous studies (Breda et al., 2019; Davis, 1989; Dyk et al., 2020; Gonzéalez-
Reverté and Liviano-Solis, 2020; Jeng et al., 2017; Singh and Srivastava, 2019; Venkatesh et al., 2012) but was
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modified to better suit the objectives of this study and improve the generalisation of the findings. The variables of the
research and indicators are shown in Table 1. The study utilised a five-point Likert scale to evaluate the questionnaire
items. The scale ranged from strongly disagree (1) to strongly agree (5). SPSS software version 27 was utilised to
capture and analyse the data, conducting descriptive and inferential statistics. Descriptive analysis summarised the
variables, and regression analyses were performed to test the study’s hypotheses.

Table 1. Study variables

Variables Indicators
useful on trips, enhances the quality of trips, enables convenient trips, allows for instant feedback,
gives ideas about possible next trips
Perceived ease of use (PEOU) | part of lifestyle, user-friendly, familiarity, content is readily and easily available, flexibility

—_— benefits derived, easy-to-use, high-quality information, the quality of the digital marketing platforms

Motivation (M) . h ! . - s .
concerned, and high-quality service received when using digital marketing tools.

Use of/Intent blogs, consumer review sites, online sharing economy platforms, social network sites, travel applications

Perceived usefulness (PU)

RESULTS

Sample description

The respondents’ demographic statistics are presented in Table 2. As presented in Table 2, 55.3% of the respondents
were females, while 44.7% were male. Respondents aged 18 to 30 years constituted 35.9%, those aged 31 to 40 constituted
32.7%, and those above 40 years of age constituted 31.4% of the sample. The income bracket of respondents revealed that
23.3% of the respondents earned R1000 or below, 15.3% earned between R1001-R5000, 10.7% earned between R5001-
R10000, and 13.7% earned between R10001-R15000. Most of the participants (24.1%) earned more than R20000.

Table 2. Demographic statistics for 401 respondents

Table 3. Cronbach’s Alpha reliability results

Criterion Factor Frequency | Percentage _
Female 222 55.3% Construct No of items | Cronbach’s Alpha
Sex Male 179 44.7% Use/Intent 9 0.846
18-30 144 35.9% Motivation (M) 5 0.929
31-40 131 32.7% Perceived usefulness (PU) 5 0.932
Age 41-50 67 16.7% Perceived ease of use (PEOU) 5 0.949
51-60 31 7.7%
>61 28 7% Table 4. Kaiser-Meyer-OlKkin test of sampling
<R1000 85 23.3% adequacy and Bartlett’s test of sphericity
R1001-R5000 56 15.3% Kaiser-Meyer-Olkin measure of sampling adequacy [ 0.948
Income | —R2001-10000 39 10.7% Approx. Chi-Square | 7560.696
R10001-R15000 50 13.7 Bartlett’s test of sphericity df 276
R15001-R20000 47 12.9 F
Sig 0.000
>R20001 88 24.1%

Reliability of constructs

The Cronbach’s Alpha test was used to evaluate the reliability of the study constructs. Findings showed that all the
construct variables were reliable, with an Alpha coefficient above 0.8 (Table 3). A cut-off value of 0.7 or higher implies
increased reliability when evaluating composite reliability coefficients for internal consistency reliability (Hair et al., 2019).

Kaiser-Meyer-Olkin (KMO) test of sampling adequacy and Bartlett’s test of sphericity were performed to validate
the sample size. The KMO value for the scale items was 0.948, surpassing the recommended value of 0.6, meaning an
acceptable value as seen in Table 4. Kaiser (1974) suggested that values between 0.8 and 0.9 are meritorious, while Hair et
al. (2006) suggested accepting values between 0.7 and 0.8 as good. Bartlett’s test of sphericity results (Table 4) was
significant (Chi-Square = 7560.696; p < 0.000), substantiating that the sample size was adequate.

Regression analyses were performed to test the statistical significance of the variables. Collinearity statistics
(tolerance and Variance Inflation Factor (VIF)) were used to test multicollinearity. As shown in Table 5, the study findings
revealed that tolerance values ranged from 0.261 to 0.322, and VIF values ranged from 3.107 to 3.831. These findings
suggested that multicollinearity issues were not of concern. Tolerance values of less than 0.7 and VIF values of less than 10
are acceptable (Balachandran and Tan, 2015; Sengel et al., 2022). Table 5 shows that all four constructs are positively
correlated with each other. The correlation coefficients (0.585, 0.499, and 0.590) indicate positive linear relationships.

Table 5. Multicollinearity test and correlation analysis

Independent variable Direction of Dependant variable Correlations Collinearity statistics
path Tolerance VIF

Perceived usefulness (PU) mmmmmm) | Digital marketing tools and platforms used 0.585 0.261 3.831
Perceived ease of use (PEOU) | ) | Digital marketing tools and platforms used 0.499 0.291 3.432
Motivation (M) I | Digital marketing tools and platforms used 0.590 0.322 3.107

The study proposed a positive significant relationship between the independent variables, PU, PEOU, M, and the
dependent variable, tourists’ use of digital marketing tools and platforms. Study findings are shown in Table 6.
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Table 6. Results of hypothesis testing(M: motivation; PE-perceived usefulness; PEOU-perceived ease of use)
Dependent variable: Digital marketing tools and platforms used

Goodness of fit: R=0.618, R2=0.382, Adjusted R?=0.377, Standard error of estimate= 0.719
Analysis of variance Df Sum of squares Mean square
Regression 3 125.922 41.974
Residual 395 203.916 0.516

F-static=81.306
Significant F=<0.001

Hypothesis Path Standardised Standard error t-Value | p-value Hypothesis
and relationship coefficient Beta (B) (SE) supported
Hi ) PU—» Use 0.344 0.066 4.445 0.000 Yes
Ha (+) PEOU— Use 0.065 0.059 0.886 0.376 No
Hs ) M —p» Use 0.364 0.061 5.217 0.000 Yes

Table 6 shows that 38% (R?=0.38) of the variance in tourists’ use of digital marketing tools and platforms for
tourism purposes can be explained by tourists’ perceptions of the usefulness, ease of use, and motivation to use digital
marketing tools and platforms. Table 6 also shows that the model is statistically significant (p<0.001). H1 proposed that
PU positively influences the use of digital marketing tools and platforms for tourism.

The results in Table 6 support the hypothesis (p=0.344, SE=0.066, t=4.445, p=0.000). H, proposed that PEOU
positively influences the actual use of digital marketing tools and platforms for tourism purposes. As the findings show
Table 7 (=0.065, SE=0.059, t=0.886, p=0.376), PEOU is not significantly related to the actual use of digital marketing
tools and platforms for tourism purposes. Therefore, H, is not supported. Hs proposed that motivation positively
influences the use of digital marketing tools and platforms for tourism. Findings (=0.364, SE=0.061, t=5.217, p=0.000)
indicate a statistically significant relationship. Therefore, Hs is supported. Motivation surfaces as the most significant
influence (B=0.368) on the actual use of digital marketing tools and platforms.

The study examined how age affects the relationship between PU, PEOU, M, and tourists’ use of digital marketing tools
and platforms. A moderator variable alters the connection between two other variables (Albaom et al., 2022). For instance,
in this study, age is a moderator. If the relationship between PU, PEOU, M, and tourists’ use of digital marketing tools
and platforms were moderated by age, they would have an impact on the strength or direction of the relationship. The
outcomes of the hypothesised relationship for testing the moderating effect of age are summarised in Table 7.

Table 7. Results for hypothesis testing (moderation effect)
(INT-Interactive item; M- motivation; PE-perceived usefulness; PEOU-perceived ease of use)
Dependent variable: Digital marketing tools and platforms used
Goodness of fit: R=0.624, R2=0.389, Adjusted R?=0.383, Standard error of estimate= 0.715

Analysis of variance Df Sum of squares Mean square
Regression 4 128.323 32.081
Residual 394 329.837 0.511
F-static=62.724
Significant F=<0.001
Hypothesis and Path Standardised Standard t-value p- Hypothesis
relationship coefficient Beta (B) | error (SE) value supported
INT—.. Use 0.085 0.035 2.167 0.031 Yes
Moderating effect
Haa (+) PU Use 0.350 0.071 4.540 0.000 Yes
Moderating effect
Hap (+) PEOU— Use 0.072 0.066 0.992 0.322 No
Hae (1 M,\‘/’ldera“”g fjii“ 0.368 0.063 5302 | 0.000 Yes

The model uses the predictor variables PU, PEOU, and M, the hypothesised moderator (age), and their interaction to
predict the result. Table 7 reveals that considering the moderation effect, the model explains that 39% (R?=0.39) of the
variance in tourists’ use of digital marketing tools and platforms for tourism purposes can be explained by tourists’
motivation, perceptions of the usefulness and ease of use of digital marketing tools and platforms. The model is
statistically significant (p<0.001). The path coefficient of the interactive item of PU, PEOU and M is (B=0.085,
SE=0.035, t=2.167, p=0.031), implying that the moderating role of age is statistically significant.

Hsa proposed that age moderates the relationship between PU and tourists’ use of digital marketing tools and
platforms. The results in Table 7 show that age moderates the relationship between PU and tourists’ use of digital
marketing tools and platforms (=0.350, SE=0.071, t=4.540, p=0.000). Therefore, Haa is supported. Hap proposed that
age moderates the relationship between PEOU and tourists’ use of digital marketing tools and platforms.

The results in Table 7 show that age does not mediate the relationship between PEOU and tourists’ use of digital
marketing tools and platforms (=0.072, SE=0.066, t=0.992, p=0.322). Like H; in the original model (Table 6), the p-
value is greater than 0.05, indicating that this moderated relationship is not statistically significant at the conventional
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level. Therefore, Hap is not supported. Hac proposed that age moderates the relationship between motivation and tourists’
use of digital marketing tools and platforms. The results in Table 7 show that age moderates the relationship between
motivation and tourists’ use of digital marketing tools and platforms ($=0.368, SE=0.063, t=5.302, p=0.000). Therefore,
Hac is supported. The results of the model testing are illustrated in Figure 2.

Perceived =~

usefulness
(PU)

0.344

i
i

) 10.350

Perceived ease ‘

of use (PEOU) 0.065 Actual use of digital
. —_ marketing tools and
4 slatforms (Use)

. 0.072 Pl .

H g
Mativation (M) |- 0-364 ' 10,368

Age
Notes: Significant p=0.01; At least p <0.05——p.; Not supported >

Figure 2. Results of model testing

The standardised coefficients for PU, PEOU, and M in the original model are 0.344, 0.065 and 0.364 respectively. In the
moderation effect model, the standardised coefficients for PU, PEOU, and M are 0.350, 0.072, and 0.368, respectively. In both
models, the findings indicate that these variables have positive effects on actual usage behaviour. In comparison, the
standardised coefficients for PU, PEOU, and M are slightly higher in the moderation effect model than in the original model.

DISCUSSION AND CONCLUSIONS

Theoretical implications

This study extends the theoretical research on the TAM model by adding M as a factor influencing tourists’ use of digital
marketing tools and platforms. It assesses the moderating effect of age on the use of digital marketing tools and platforms for
tourism purposes. The study made three contributions to existing literature related to tourism digital marketing.

Firstly, the study contributes to the existing literature and extension of the scope of the application of TAM in adopting
technology in tourism research. In Table 6 and as shown in Figure 2, it was found that PU and M (H1 and H3) significantly
positively affect tourists’ use of digital marketing tools and platforms for tourism purposes. These findings are consistent
with previous scholars (Ali et al., 2022; Tavitiyaman et al., 2022). PU has been found to contribute significantly to the
acceptance and use of technology for tourism purposes (Alma Calli et al.,, 2023). Considering motivation, the study
findings are consistent with Camilleri and Falzon (2021), who concluded that motivation has a significant effect on the
intention to use technology. Studies have shown that when adopting new technology, people are more likely to do so if they
find it easy to use (Davis, 1989; Renny et al., 2013). This study showed that PEOU (H2) positively correlates with using
digital marketing tools and platforms. However, it was not statistically significant (as shown in Table 6 and Figure 2). This
means that while there may be a positive trend, the relationship is not strong enough to confidently conclude that it exists in
the current study’s population. Thus, the study contradicts Venkatesh et al. (2012) but is consistent with Ali et al. (2022),
who also found the insignificant influence of ease of use on the actual use of technology. Secondly, this study uses PU,
PEOU and use off/intention from the TAM model and added M as an independent variable. In line with the other studies
which have added variables to the original TAM model (Albaom et al., 2021; Estriegana et al., 2019; Matikiti et al., 2018),
the study has confirmed TAM’s versatility and broader applicability based on the findings of the current research.

Thirdly, age was also used as a moderating variable in this study. This study extends our understanding of the
moderating effect of age on factors affecting acceptance of new technology. Several studies have used age as a
moderator in adopting new technology (Hua et al., 2021) and found significant effects (Chen et al., 2023; Hua et al.,
2021; Zhuang et al., 2021). The moderation effect model introduces the role of age as a moderator in the relationships
between the predictor variables (PU, PEOU, and M) and the use of digital marketing tools and platforms for tourism.
The study findings suggest that age has a positive effect on the actual usage of digital marketing tools and platforms, which
is consistent with (Chen et al., 2023; Zhang et al., 2023). In the cases of PU and M (H4a, H4c), age was found to have a
significant moderating effect on the relationship with tourists’ actual use of digital marketing tools and platforms. However,
regarding PEOU (H4b), age was not found to have a significant moderating effect on the relationship. This means that age
does not significantly alter the relationship between PEOU and tourists’ use of digital marketing tools and platforms.

Practical implications

The study has a few practical implications. Firstly, the study uncovers core factors (PU and M) influencing the usage
of digital marketing tools and platforms for tourism. As a result, tourism marketers need to be aware of these factors
since they provide them with insights into the aspects of their digital marketing tools and platforms that need to be
considered to leverage and influence behavioural intentions.
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Secondly, this study provides an understanding of the effect of age on factors that influence the adoption of
technology in tourism. The study suggests that the influence of PU and M on tourists’ use of digital marketing tools and
platforms varies depending on the age of the tourists. This information is valuable in understanding the role of age as a
factor in shaping tourists’ behaviors toward technology adoption. This understanding is relevant in tourism marketing
for designing targeted interventions, marketing strategies, or policies that address different age groups’ diverse needs
and preferences when accepting and adopting new digital marketing tools and platforms.

Drawing on the research findings, managers and policymakers can address potential concerns related to the digital
divide, ensuring that inclusivity and accessibility considerations align with SDG 10 (reduced inequalities). Researchers
and scholars can also gain novel insights from the current study findings, which aids in developing future tourism
research studies where technology is a crucial component.

Limitations and suggestions for future studies

The study examined the moderating effect of age on given variables without delving into the specifics of different age
groups, thus limiting its contribution to our understanding of generational heterogeneity concerning their acceptance of new
technology in tourism. Future studies could focus on comprehensive generational analysis, specifically on generational
differences regarding technology adoption.
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